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Abstract

The aim of the internship is to study the hybrid equity-rate model with local volatility and stochastic
interest rate. It was about the study of the hybrid model for special interest rate models (Gaussian
models) in term of pricing validation and Smile dynamic analysis and specially to quantify the impact
of the rates’s stochasticity in the hybrid equity local volatility surface. Afterwards, a local volatility
calibration in the case of stochastic interest rates using two main approaches was performed.

Keywords : Local volatility models, Stochastic interest rates, Hybrid equity-rates model, Stochastic
analysis, Malliavin calculus, PDE, Monte Carlo methods, Numerical simulations.
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Chapter 1

Introduction and context of the internship

1.1 Brief presentation of Finastra

Finastra is a financial technology company based in London. The firm was constistuted in late 2017
through the combination of D+H (Davis & Henderson) and Misys, after Vista Equity Partners ac-
quired Misys in June 2012 and subsequently purchased D-+H in 2017.

Finastra is led by chief executive officer, Simon Paris, who was appointed in June 2018. The company
has offices in 42 countries with U.S. 2.1 billion in revenues. The company employs over 10,000 people
and has over 9,000 customers across 130 countries.

Main headquarters:
e UK : London
e North American : Toronto, Canada
e USA : New York

FRANCE : Paris

ROMANTIA : Bucharest

e ASIA : Singapour, Dubai, Hong-Kong, Tokyo

It brings deep expertise and an unrivaled range of pre-integrated solutions spanning retail banking,
transaction banking, lending, and treasury and capital markets. With a global footprint and the
broadest set of financial software solutions available on the market.

1.2 Custumers of Finastra

In an era of increasing choice and regulation, all customers — corporate, institutional and retail — are
demanding greater value from financial services. They expect more agility, innovation, integration and
security than ever before.

Finastra delivers flexible and integral software that allows clients to gradually upgrade existing
systems through open interfaces.
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1.3 Finastra’s top management organigram

The top management of Finastra is structured as such:

Simon PARIS
' Chief executive officer

Eric DUFFAUT

: \'l
m Global head of field operations =
|

Martin Mark Akber

)|  Elie ROSNER Haering MILLER
. g q
‘é‘ Chief product and Chief Chief

technology officer °d | marketing w1 financial

JAFFER
Chief
strategy

officer

officer officer

Figure 1.1: Finastra’s top management

1.4 The quantitative research department

Y

Sharon
DOHERTY

Chief
people
officer

Tom

KILROY
-
Chief
& | operating

officer

The Finastra Quantitative Research Team is dedicated to the elaboration and implementation of

valuation and risk management models. The financial areas covered are:
e Inflation
e Stocks
e Forex
e Credit

e Commodities

This team is led directly by Dr Martial MILLET, who is also responsible for other quantitative teams
in the Paris office. All teams combined, this represents fifteen quants. The fact of having reached this
relatively large size has facilitated the introduction of regular presentations on quantitative issues. the
goal being to enable everyone to broaden their knowledge and become familiar with different areas,

products and models.

During this intern, I was directly affiliated to Dr Arnaud RIVOIRA ’s team within the
quantitative research department and the intern was supervised by Dr Arnaud RVOIRA

himself within Dr Martial MILLET’s quantitative research team.

FINASTRA - Quantitative research 3
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Chapter 2

Preliminaries about local volatility models

The aim of this chapter is to give some basic knowledge about local volatility models that will be useful
to understand the main issues tackled during the intern.

As usual we fix the theoretical probability context.

e Let (2,7 ,P) a complete probability space with a probability measure P assumed to be the asset
historical measure.

e We suppose that a P- classical brownian motion denoted (B¢)¢>0 is well defined within that space.
e % is a complete filtration right continuous.
e We denote QQ the risk neutral probability measure.

Unless otherwise stated, T is a fixed maturity.

2.1 Preliminaries about volatility modelling

Let’s consider a one dimensional underlying asset with the following risk neutral dynamic:

Sini

5

nit _— ao. .
So™ = Sing

{ S = nudt + oW (2.1)

We can consider different scenarios:

e Both r and ¢ are constant: This is actually the toy model of Black and Scholes where european
call and put options are priced by closed formulas, but the implied volatility surface is flat which
is not realistic compared to the market features.

e r constant and o deterministic time dependent: Black and Scholes Closed formulas for
european call and put options are also possible with the constant Black and Scholes volatility:

1 T

e r constant and o stochastic : For instance the Stein-Stein (gaussian) or the Heston (mean
reverting CIR) models.



Master thesis CHAPTER 2. PRELIMINARIES ABOUT LOCAL VOLATILITY MODELS

— For affine models, we have a semi-closed european call and put pricing formulas with the
inverse Fourier transformation.

— The heavy tails distributions of assets are captured by the Heston model (the volatility square
root effet) and can be refined by some specific modifications of the Heston model (Heston %,
Heston ++,...).

— The smile is driven by the correlation structure between the underlying and the stochastic
volatility, rotation around the money depending on the correlation sign and value (the skew
is proportional to the correlation coefficient between the equity and the variance).

e Both r and ¢ are stochastic: For instance an hybrid Heston model with Hull & White spot
interest rate. Pricing derivatives are performed via an Hybrid Monte Carlo with approximations
on the covariance spot-rate matrix.

— Based mainly on the computation of E® (\/117) by series expansion where (v;), is a CIR
process, see [1].

2.2 Local volatility models

Actually, It’s well known that the local volatility is so that the risk neutral dynamic of the underlying
asset is:

Sini

S

ini __ L.
So™ = Sini

dS:i‘lli — Sing Q
{ rdt + o (t, Spin )W, 23)

As a consequence, the volatility is assumed to be time and space dependent. The second case of the
previous section is a specific case of local volatility models where the volatility is just time dependent.

2.2.1 Advantages of local volatility models
The main advantages of this modelling choice are:

e The simulation of a unique diffusion to simulate the underlying in a Monte Carlo discretisation
scheme, so it’s in general less time consuming.

e The perfect calibration to market data (under some regularity conditions on european calls or
puts for the Dupire’s formula if r is assumed to be constant or time dependent)

The local volatility model is generally not adapted for strong heavy tailed assets, which is a limit in
some kind of that model. On way to control the tail of the asset via a local volatility model is to
consider stochastic interest rates. So the hybrid equity-rate model is formulated:

S — ridt + (8, S ) AW
t
dry = b(t,r¢)dt + & (t,7;)dBZ (2.4)

d<WQ,BQ>t = pedt
In the case of gaussian interest rate models, the risk neutral model turns out to:

i =t + o1, 7 )W
t

Ty = pg + f(f ¥s,tdB2 (2.5)
d (W@ BY) = pdt

FINASTRA - Quantitative research 5 Othmane ZARHALI
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Without any specific assumption on the processes p and v a part from the Kunita-Watanabe theorem
conditions so that the spot exists.

The aim of the intern is to study this hybrid equity-rate model and to calibrate the local volatility
which is a generalisation of the Dupire’s approach in the case of constant interest rates.

FINASTRA - Quantitative research 6 Othmane ZARHALI



Chapter 3

Local volatility models with stochastic
interest rates

In this chapter, we will tackle the hybrid local volatility calibration using some advanced tools of
variational stochastic analysis (Malliavin calculus) and numerical simulations. So this chapter is meant
to be more technical and theoretical in order to set up the basis.

3.1 Theoretical context

We will briefly recall the risk neutral hybrid-equity local volatility model in the case of a general
stochastic rate model : L

B = madt + o (t, S;m)dW,2

t

dry = b(t,r;)dt + & (t,7;)dBE (3.1)

d (W@ BY) = pdt
At the end of the journey, the aim of every model is to be used in hedging portfolio derivatives. So
this recquires to be able to price derivatives with that model. In our case, the general form of the
derivative to be priced is:

Pyyp = EQ (e— Jo rsdsp, (S;im)) (3.2)
Where as usual:
e h the unidimensional payoff
e T a maturity

Obviously, the equity here is supposed to have risk neutral dynamic.
Actually, we can simpify the price by performing a forward neutral change of measure with maturity
T:

dQT e (1, T)
10 |\F = B0.7) (3.3)
We obtain: .
Phyy = B(0,T)EY (h (S5im)) (3.4)

The price expression (3.4) is:

e Completely model rate independent, as it’s just a simple change of measure.
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e According to the hybrid model chosen between (2.4) and (2.5) the computation of the zero coupon
bond will be achieved by :

— Closed formula for gaussian rates

— Monte Carlo for general rates models

Thus, to compute P, we have to deduce the forward neutral dynamic of equity anyway.

3.2 Flat local volatility with gaussian interest rates

3.2.1 Forward neutral equity dynamics with gaussian interest rates

We consider gaussian spot rates so as to have some closed formulas and then explain how it works in
the case of non gaussian rates. We denote the hybrid equity-spot rate model as in the previous chapter:
S = rudt + o(t, 577 )W
t
re =+ [ 7s.dBY (35)
d(WQ BY) = pdt

2
So the integrated rates are gaussian with mean fot usds and variance fot ( fet 797udu> df. The basic
idea is to write under Q:

Sini)2
dlog(S;™™) = (rt — 0’(75,2”) dt + o (t, S5m) dW 2 (3.6)

So we deduce easily that:

a(u,sfjm)z

t
Simi Jo <Tu_ 2
S, = se

Now we assume the following:

> du—}-f(f U(u,Siim )CIWLQ

e (H1) the local volatility is flat (time dependent).
e (H2) We denote I'p; = fat v6,sds and assume that is time dependent and square integrable.

As a consequence, we have a closed formula of the zero-coupon bond using the famous formula of a
Fourier transformation of a gaussian random variable:

Vit > 0, B(0, 1) = ¢ Jo #edsts J TG 0 (3.8)

By the stochastic Fubini theorem and the change of measure, we end up with :

Si™ 5 JiredBY eedW — L [l a2, (0)0 (3.9)
B(t,T) B(0,T)
where in t=T:
ng(G) = o2(0) + FZ,T + 2pgo(0)Lg (3.10)
Thus, by Lévy’s theorem, we obtain:
Sini __ S efoT Ueq(e)deT*% oT qu(e)da (311)

T B(0,T)

FINASTRA - Quantitative research 8 Othmane ZARHALI
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Where WQ" is a QT- brownian motion.
So we have the forward neutral dynamics of the asset and the rate by change of measure (Girsanov)
which is an exponential martingale under the forward neutral measure as we know.

Hence, in theory, the pricing of a european call and put is exactly as the case of a zero interest
rate and a time dependent volatility under QT, so we price it with a closed formula with the average

volatility (2.2).

But the flat local volatility is still unkown.

3.2.2 Calibration of the flat local volatility surface

Actually, starting from both formulas (3.10) and (3.11) we have two approaches:

Static replication

Actually, the parameter of interest to calibrate in that case is not the flat equity local volatility but it
is 0¢q(.) which depends on the maturity T.

S]{mi 1 T )
log 5 =3 0c,(0)do (3.12)
B(0,T) 0
In particular for a fixed maturity:
T GSini 1 T
RQ [log ( z )] = —2/ o2, (0)do (3.13)
B(0,T) 0

oEY [log ( Séi"’i >] T
B(0,1) 1 ( 9 / Gaeq(e) >
=—|o2.(T)+ 20¢4(0 df 3.14

From (3.11) we have:

vt > 0,EQ"

Then:

As a consequence:

e (3.14) is an ODE in o(T') = 0¢4(T) that can be solved iteratively and the left hand side can be
replicated by Carr-Madan formula.

e for small time to maturities, we can neglect the deterministic integral of the right hand side and

we have: N
ORQ" [log < S(T;m) )] .
B(0,T 9
~ —— T 3.15
8T 2Jeq< ) ( )

Then, we obtain a flat local volatility calibrated to market data.

This is obtained with any gaussian interest rate model.

Non linear ODE approach
This is made via (3.10):

o2 (0) = o%(0) + Fg,t + 2pgo(0)Tg

FINASTRA - Quantitative research 9 Othmane ZARHALI
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So the theoretical implied volatility is:

T
THh(T) = /0 2(0) + T3 1+ 2pp0(0)Tg 0 (3.16)

It’s similar to consider the implied theoretical variance:
T
Vin(T) = / 02(0) + T3 1 + 2090 (0)g 10 (3.17)
0
In the specific case of Hull & White model with constant equity-rate correlation coefficient:
dry = (0 — ar)dt + ydB2 (3.18)

Which will be used as a reference in the intern. We obtain:

T
o?(T) = dVZZ}ZIET) - F%}T - 2p'y/ e Mg (u)du (3.19)
0

Which is a non linear ODE that can be resolved by:

e Identification of the term % with market data

e Choosing our favorite numerical scheme (finite differences for instance).

Remark 1 We can simplify the previous ODE by considering a resolution for large time to maturities.
We have in the case of HEW:

dVin(T) N Y
- T—l—Q(—)—— 3.2
Uoo\/dTIOO(p)a e (3.20)
We denote: aggtz = %|Too we then obtain the formula:
oy = \/Udet2 (1= p?) (l)Q . (3.21)
o a o
The resolution of the previous ODE by finite differences for the given constant model parameters:
e L =10V
e v=05%
e p=—-0.5

is:

FINASTRA - Quantitative research 10 Othmane ZARHALI
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0.620 4
a
= 0.615 1
} —— deterministic vol
a hybrid vol
£ 06104 —— asymptotic vol
a
Q
=
0.605
0.600 1
T T T T T T
0 10 20 30 40 50

maturities (y)

Figure 3.1: ODE calibration for flat local volatility

We actually see that the numerical solution converges to its terminal value for large times to ma-
turity.

Another calibration view point is to see the equation (3.12) is a static replication formula of the

log-contract, whose expression at maturity is: log T , and is related to the forward variance
B(0,T)

stochastic volatility models. One way to perform the identification of the log-contract is to use the

Carr-Madan static replication formula. But from the outset, we observe a number of pros and cons

of these two previous calibration approaches in the case of an hybrid flat local volatility with Gaussian

stochastic interest rates, which will be detailed deeply in the next subsection.

3.2.3 Pros and Cons of the previous calibration approaches

The previous technics are available for the toy local volatility model with flat local volatility surface
and gaussian interest rates. But still, this is a way to deduce some qualitative remarks about the
previous approach:

H Static replication ‘ Non linear ODE method H
- Allow exact calibration by Carr-Madan formula - Easy numerical resolution
- Significant simplification for short maturities | - Significant simplification in the steady state
- Depend on the numerical integration of - Assumes that we have a continuum
the Carr-Madan expansion of implied volatilities or variances
for all maturities otherwise we
have to bear the interpolation error

Table 3.1: Pros & Cons calibration flat local volatility - H&W rates

3.2.4 Qualitative remarks

e The main disadvantage of the the static replication calibration is that we can’t see clearly the
effect of the interest rate stochasticity whereas in the non linear ODE approach even in the

FINASTRA - Quantitative research 11 Othmane ZARHALI
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steady regime we can quantify the adjustment between the hybrid flat local volatility and the
deterministic local volatility which depends on the rates’s volatility in the H&W model, the
speed of mean reversion and the correlation factor.

e Despite the fact that the separation between the Dupire’s deterministic rate local volatility and
the hybrid adjustment term is not clear, but at least we can control efficiently the adjustment in
the steady state by the determination of the volatility rates, the speed of mean reversion and the
correlation factor. This is not possible in the static replication approach.

e This adjustment also increases with the maturity as we assume that an arbitrage free implied
volatility surface is non decreasing as a function of maturity but not more increasing than a
classical square root function of the maturity.

e As the adjustment term depends on the rate model volatility and the correlation factor so it’s
model dependent and we can not hedge away the correlation risk but at least estimate the
amount of cash to live with it..

e The adjustment is the element of interest here because by computing it we can easily switch
between the hybrid local volatility that encompasses the rate stochasticity and the deterministic
local volatility with deterministic interest rates. This will be more explicit in the following
chapters.

3.3 Flat local volatility with general interest rate model

Like before, the model is defined in the following:
B = rydt + o (8)dWE
t
dry = b(t, ry)dt + 5(t, 7;)dBE (3:22)
d(W? BY) = pdt

In this case, it’s well known that the forward is a QT-local martingale. But we do not necessarly have
the explicit analytical formula of the rates’s volatility in order to compute exactly the forward neutral
volatility of the forward neutral equity’s dynamic.

Hence, the computations (3.6) and (3.7) will be possible but we can’t push the computation further in
order to get the exact analytical forward neutral dynamic of the equity.

As a result, it’s not trivial to extract the effect of the rates’s stochasticity in the flat local volatility
model. The only way to calibrate this hybrid model is to try a forward calibration via the identification
of the terms of the associated bidimensionnal Fokker-Planck PDE with market data.

3.4 Non flat local volatility model with general interest rate

Let’s come back to the general model:

i =t + o1, 57 )W
t

dry = b(t, ry)dt + o(t, r)dB2 (3.23)
d (W@ BY) = pdt

FINASTRA - Quantitative research 12 Othmane ZARHALI
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We will begin with a basic analoguous computation of the local volatility starting from call or put
option prices quoted in the market supposed to be enough time and space regular.

3.4.1 Analytical formula of the local volatility surface

We denote: ,

O(T, K) = EQ <e— Jo rads (gini _ [ +) (3.24)
By Ito-tanaka formula:
e foT reds (S%mz _ K)+ — (s _ K)+ + fo e~ fot TSdslemi>Kdemi o fOT ree” f(f rsds (Sfini _ K)+ dt +

LT e forsdsqre
Where (LE)¢>0 is the local time of the equity.

Then:

T o - o
e o s (S5 — ) = (5= K)y 4 fy e ot g gedSpnt — [ e Joreds (Spint — k)t +

LR2 [T e Jorsdsg2 (¢, )55 (Sy)dt
We assume that the stochastic integral in the asset’s dynamic vanishes under expectation, then by
Fubini theorem we obtain:

C(T, K) = C(0, K) + [} KBS (rie™ b1 gu ) dt + S [T B (= himedoo?(t, K)oy (57) ) dt
By differentiation with respect to maturity, we get:
OrC(T, K) = KEQ (rTe_ o s o K) + LK?EQ (e— Iy rst(SK(S;;mi)> o2(T, K)

We conclude then that the local volatility can be expressed as follow:

orC(T,K) — KE® (T’Te_ Iy rsdslsSmi>K)
o*(T,K) = . — —7 (3.25)
7 K2EQ (effo Ts 55[((5%””))

9%2C(T,K)

e The term EQ (e_ fo Tst(SK(S;""i)) is nothing else but =3

e All the terms are perfectly calibrable

e The only term that distrubs is EQ <rTe_ Jo msds SSinis K) which needs a special treatment by
involving the forward neutral dynamic of the hybrid local volatility model (no longer a capitalised
Doleans-Dade martingale)

Once again we obtain the hybrid local volatility model in the form:

_ (T od
27 ey — drC(T, K) KE®Q (TTe Jor Sls;mz‘>K) 596
(T )_;pw_ 1 20°C(T.K) (3.26)
2 OK? 2 K2

Where the adjustment term that is due to the rates’s stochasticity is:

KE®Q (rTe’ Jo Tsdsls

1 282C(T,K)
ZK OK?

Sao s
T’an >K>

Adj(T) = (3.27)
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It depends on:

e The joint distribution of the equity and rate : this encompasses the flat local volatility with
gaussian rates where the dependence is related to the rate model parameters and also to the
correlation factor

e The probability measure : as we have the choice to compute that term in the risk neutral or the
forward neutral probability measure

It may be of interest to recall the analogy between the Dupire’s local volatility calibration and the
hybrid local volatility via the following remark.

Remark 2 Actually, according to (3.27) we notice that:
e [f the interest rates are constant, the hybrid local volatility is mothing but the Dupire’s one as

EQ (rTe_ Jo TSdSIS;mi>K> = —rp acéj;(’K) and Dupire’s local volatility calibrates exactly the call

surface as it’s just an integrated version of the forward Fokker-Planck PDE.

e If rates are time dependent, we can still get out rp out of the expectation and obtain a Dupire like
formula with time dependent interest rates.

e In the case that we are interested in, which is to consider the interest rates stochastics, there is
the adjustment term that seems to be new. In addition to that, (T, K) — 04et(T, K) is exactly
the Dupire’s local volatility surface with vanishing interest rate and dividends. As we know how
to fit this deterministic local volatility to market call prices (we will detail the approach later) one
way s to know how to evaluate the adjustment term to calibrate the hybrid local volatility or, in
contrary, given an hybrid local volatility surface, to deduce the adjustment term. All that, with as
little as computational efforts as possible.

9%2C(T,K)
The term 5T

calibrated from market call prices.

is proportional to the forward neutral density of the equity and can be directly

Thus, the hybrid term E? <rTe_ Jo redsy Sginis K) will be handled using two approaches:

e A generic approach : Brute force Monte Carlo computation under the risk neutral probabil-
ity space with some boosting schemes (Richardson Romberg extrapolation for the Monte Carlo
accuracy).

e A specific approach in the case of gaussian rates : "PDE expansion" obtained by Malliavin
integration by parts formula.

3.4.2 The Monte Carlo approach

The Monte Carlo, as it’s well known, consists of performing a numerical Euler scheme on the model

T
. . . _ 5d . .
in order to compute a sample of realisations of rpe Jo rsdsy Sinis K by the weak approximation:

M
T 1 N sV 0
EQ (rTe Iy rsdsls;im>K) ~ Z <T§3>e k=11, 1S¥)>K> (3.28)
i=1
Where ¢ is the discretisation time step , M the length of the Monte Carlo sample and N the length
of the time discretisation of [0,77] .
Indeed, the Euler scheme of the model is the following:
S = S5 (14 71,8) + S50 (th, S5 WG

lk41 ty

. ~ (3.29)
Tty = Tty + 0(tk,74,)0 + U(tk,T’tk)\/g (pG +4/1— p2G>
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Where G and G are two independant Gaussian random variables centred with variance equal to 1.
The realisations of the spot rate along the time discretisation are stored in order to simulate the
Riemann stochastic integral fOT rsds with § Z]kvzl Tt

As a result, we obtain the computation of the hybrid expectation term.

(P.S : the simulation is done under the risk neutral space and the model is a risk neutral one)

As we know about Monte Carlo time computation on option pricing, when we have the choice
to price an option between a Monte Carlo method and a similar partial differential equation one, we
prefer to chose the PDE specially in low dimensions. This is exactly the same in the calibration of the
hybrid local volatility surface.

The object of the following subsection is to expose an analytical expansion ("PDE expansion") of the
hybrid local volatility.

3.4.3 Iterative PDE in the case of Gaussian rates

As stated before, this formulation is specific to the case of Gaussian rate dynamics. In this section and
also in the intern we considered the Hull & White gaussian dynamic for the spot rates as well:

dry = (0 — ar)dt + ydB2 (3.30)

For theoretical reasons, we denote the explicit spot rate as previously but in the forward neutral
measure :

t
T
T = [t —|—/ 5,tdBY (3.31)
0

The aim of this part is to find out the aimed analytical extension of the hybrid local volatility. Two
approaches were explored, a proof under the forward neutral measure developed jointly between
Dr RIVOIRA and myself, and a proof under the risk neutral measure performed entirely by myself
written in the appendix.

We introduce the following notations:

T
Ft,T :/ %mdu (332)
t
S¢D
X;=In (“”) (3.33)
So
(9111(D0 t)
= T 3.34
ro.t 5 (3.34)
Xot=—1In(Doy) (3.35)
t
e = —i—/ Vs,4dBs (3.36)
0
t
Wi =Tot —|—/ Yot l's ¢ds (3.37)
0

FINASTRA - Quantitative research 15 Othmane ZARHALI



Master thesis CHAPTER 3. LOCAL VOLATILITY MODELS WITH STOCHASTIC INTEREST RATES

t
X; = Xait + / (ox(Xs,8)dWs +T's1dBs) (3.38)
0
* 1 ¢ 2 2
X5: = Xog+ 3 (T7; — 0% (Xs,8)) ds (3.39)
0
dX; = m?dt +0ox (Xt, t)th (340)
t
1
my =rot+ / Vot (dBs +T's 1) ds — iag((Xt, t) (3.41)
0
ds
?t =1 + 05(S, t)dW,; (3.42)
t
t
TE= [} —I—/ Vs,¢dBs (3.43)
0
t
i =Tot +/ Vst l's ¢ds (3.44)
0
t
X; = X{it + / (ox(Xs,8)dWs +I's1dBs) (3.45)
0
* 1 K 2 2
X5, = Xou + 3 (T%; — 0% (X, 8)) ds (3.46)
0
dX; = m;‘dt +ox (Xt, t)th (347)
t
1
my =ros+ / Vot (dBs +T's 1) ds — iaﬁ(Xt, t) (3.48)
0

Now let’s move to the forward neutral with maturity T dynamics by applying Girsanov theorem:
The Brownian motions B9 and Wé@ must be changed the following way to move from the risk neutral
probability measure to that of the T forward:

dBY s dBY" — T, pdt (3.49)
dWQ s w2 — oL, dt (3.50)
That leads to:
t
T
re =i +/ Ys,tdBY (3.51)
0
t
N? =Tot + / Vst (Fs,t - FS,T) ds (352)
0
T t T T
X, =xg, + / (UX(XS, $)dW2 +T,;dBY ) (3.53)
’ 0
r L/ 2 T2
Xf =5 (| (Cue=Tur)ds = ok (Xess) ) ds (3.54)
0
2
ok (X5, 8) = 0% (Xs,8) + 2pox (X5, 8)Ts 7 + T 1 (3.55)
_ T QT
dX; = my dt + O'X(Xt, t)th (356)
t
mz =m; — / Yo lspds — pI'y 7o x (Xy, t) (3.57)
0
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Exponential weighted average of vanishing functions property - Amnesic approximation

If £(0) =0 then the exponential decay kills everything except the linear profile in the vicinity of ¢ = 0
which reads:

/T ft)etdt ~ f(0) (1— (1+T)e T (3.58)
0

Noting oget(z, T) the local volatility function computed from the Dupire’s formula i.e. replacing the
deterministic rate with 79 7 and performing a Malliavin integration by parts, we get:

{ OH,(X1) }
2 2 A -~ r 8aBY"
03ut(@,T) = 0%(2,T) 2 5(2,T) = /0 W Ty (3.59)
where:
° ﬁ is the Malliavin derivative operator with respect to the forward neutral Brownian motion
BY".

e ¢ is the Dirac distribution.

e H is the Heaviside function in = defined by

1 ify>x
H — 3.60
»(y) { 0 otherwise ( )

And from Eq.3.53:

OXr T T do(Xy,u)  90(Xy,u) 00 (X, u)
—— =D+ po (X, t) + / AW — o(Xy, u)du —p Lyrdu—p———F=T
0dBY" t ' ( ) 0dBY" 0dBY" 0dBY"

(3.61)
T
=T+ po(Xr,T) + / de!, (3.62)
t
with:
us X’LH XU7
det, = <de9T — o (X, u)du) 90X t) _ (X ) — p22 KW gy 00K (5 6y
ddBY ddBY ddB2
Then:
T
o3 (x,T) = (o(z,T) + pGr)* + 2/ Yol rdt — p* G5 + w(x, T) (3.64)
0
where
T
Gr = / ’}/t,Tdt (3.65)
0
T 2/T e {6I(XT) I dgz} (3.66)
w(x,T) = .
(= T) o T Er {0, (X0)}
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Estimation of w(x,T)

Let us consider:

By {0.(Xr) J)' del } -
T B () 397
We have
T T
w(z, T) = 2 / s d(t)dt = 2y / et (1) dt (3.68)
0 0
T/t
= 2’y7’/ e "¢(T — Tu)du (3.69)
0
Considering ¢ (u) = ¢(T — 7u) and applying the amnesic approximation , we get:
T/T
/ e p(udu ~ 0/ (0) (1~ (14 T/7)e” "7 (3.70)
0

And ¢'(u) = —7¢/(T — 7u) then ¢'(0) = —7¢'(T). Besides, writing the derivation rule to integral
expressions for 6 < T
“J} (3.71)

0 0
Ep {5w(XT) [ eT acaliu B %

¢'(0) =

Er {6.(X7)}
Leading therefore to:
ET {5I(XT) dfﬁ; }
T — u=T- 3.72
@) Br (6. (X0)) o7
Hence:
d T_
Er § 0.(X1) 3~
w(z,T) ~ 2972 (1= (1 +T/7)e T/ v 3.73
(0, 1) ~ 297 (1= (L Ty ) =y (373)
T_
We then need to evaluate di;& . For that, let us Eq.3.63 for u =T_
u=T_
oo (X, T
def = (aW — o(Xp_,T-)dT) X1 1) _ (X, T.) (3.74)
- ddBY
From the chain rule:
0o(X7,T) Oo(Xp,T) 0Xr
T = T (375)
ddBY dr  9dBY
And from Eq.3.61:
do (X, T do (X, T
Xr, 1) _ p (X )O—X(XT,T) (3.76)

adBY" Ox
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And from Itd’s lemma:

0 X7, T
dox (X7, T) = SrdT + O-X(axT’)Ux(XT, T)aw e (3.77)
with
Oox (Xr,T)  1d{(X)p O*ox(X7,T) dox (X, T)
Yr = — — .
r at > dT oz T g (3.78)
By direct computations:
T
= [ (oxCenn?)ar (3.79)
0
And by direct differentiation:
d(X
<dT>T =o% (X7, T) (3.80)
As a result:
dox (X7, T 1 Pox(Xp, T
dox(Xr,T) = UX(atT)dT + 20}(XT,T)UX8<OCZT)dT+ (3.81)
dox(Xp, T dox(Xr, T
mh X ((9xT Jar 4 99X (axT )aX(XT,T)dW;‘?T (3.82)
By injecting the previous expression, we obtain:
aO'(XT T) OO’X(XT T)
deh = (aw® — o(Xp ,T)dT ) =41
ST, ( T_ O-( T, ) ) 8dB%Q—E_T p 8t
1 82(7)((XT,T 3.83
—P2U§(XT,T)6$2)<1T (3.83)
Jox (X7, T) Jox (Xr,T) T Jox (X7, T)
oy Oox (X, B x (X, QT _ x (X,
plmp)——5 ——dI' — p——5 ——ox (X7, T)dWy — prox——75 ——dT
By simplifications:
Xr,T)? Xr, T Xr, T 1 2ox (X7, T
deg_:_p("X( T ))‘%X( n )dT_pLX( T )dT—pfag((XT,T)—a oxXr. 1)
2 0X ot 2 Ox? (3.84)
T X7, T Xr, T '
P<(/ %Tst)> Box(Xr,T) )dT*PTOTiagX( D) gy
o ox ’ ox

Which leads to:

dek dox(Xr,T)  Oox(Xr,T) ox(Xr,T)? (dox(Xr,T) 8%0x(Xr,T)
=—p|Tor + + +
dT ox ot 2 ox Ox?

—p ((/OT Vs,Tst>> aax(a)iT,T)

(3.85)
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Thus, we have the following result:

ET {(5 (XT)dE“ }
u=T- (3.86)
Er {0.(X1)}

= —p(A(z,T) + ®(x,T))

w(z,T) 2

with

dox (x,T 02ox (x,T
A( T) . o-g((m’T) [ %FX ) + 8X)§2 )} + 80’){(1‘,T) + aUx(.’L',T)
HE) = 2 ot T gy

(3.87)

and

dox(x,T) Er {5cc(XT) [ng ’Ys,Tst:| }
Oz Er {6.(X7)}

((x,T) = Er {5a:(XT) [/OT ’Ys,Tst] }
[ {201,

_ /OT - {5;(XT) 0Xr } (3.89)

Oz, T) =

(3.88)

0dBs

0X

~ TrpBr {0, (Xr)ox(Xr,T)}

Er {8, (Xr)ox (Xr, T)} = /ER ' ()ox (u, T)px (v, T)dy
—— [ 805 oxtu Tpx( 1) dy (3.90)

yeR
_ <8pX(:1: T) N 80X($’T)px(:n,t)>

Oz x(z1) Ox

with px(z,t) = Er {d(X7)} And finally:

Oox(x,T) (Oox(x,T)
Ox Ox

O(x,T) ~ —plp (3.91)

+ O'X(IIZ‘,T)aln(pX(x?T))>

ox
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Summary
o%(z,T) = 02,(T,x) — 5*(T, z) — 2po(x, T)T'r — T4 (3.92)
T
OrC(T, K) = Kf(0, TJES (e I o1 g )
et (T, K) = . - R (3.93)
LKEQ (e o oo (8500
~2 2 r Q —fTr ds Sini r
o°(T,x) = = — / Y TE <e o s 5x(XT””)/ deu> dt (3.94)
KBS (s t
(T, x) ~ 2p*y72 (1 - <1 + f) e—3> [A(z,T) + ®(x,T)] (3.95)
Where :
o*(z,T) aggi:’T) + 62?)5:%T) Oo(x, T Oo(x, T
Az, T) = [ 5 } + U(at’ ) 4 f(O,T)U(ax’) (3.96)
and
T
’ 83: ET {(51 (XT)} ’
o2(x,T) = 6%(T, ) + 2po(x, T)Tr (3.98)
T
C(x,T) L Er {(595(XT) [/ ’ys,TdB;Q] } (3.99)
0

T 06, (Xr)
e s E _—
/0 s T{ 9dBY }

T X
= s T S (X }
/0 Vs, T T{ :c( T)ad39

0Xr
~ TrEr { 0,(X
o0
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~ FTpET {(S;(XT)U(XT, T)}
As:

Er {6,(Xr)o (X7, T)} = R%(y)ff(y,T)px(va)dy
=

_ / . (sz@)% (o(y, T)px (5, T)) dy

_ (apx(.’L‘,T)a(x b+ do(z,T)
x ’ oz

px(z, t))

with px(z,t) = E7 {62(X7)} And finally:

0o (z,T) (Oo(x,T) Oln(px(z,T))
O(x,T) ~ —pl T)—————= 3.100
(0,7) ~ =t 27 ) (70T g, ) 0 (3.100)
3.4.4 Fixed point algorithm
According to the summary above, the algorithm is:
02,1 =F(o,),neN (3.101)

Where F is the following differential operator:

T r EQ <e_ Jy rods (o(T, X)) 5:::(qu“2"1)>
F(o)=03,(T,K) — *(T,K) — 2 / YsoTerdt — 2p / Y. = —
0 0 EQ (ei f() Tsds(sm(X%lnl))

ds

(3.102)
each of the terms:
o 73T, K)

EQ (e* JE rsds (J(T,XT))éz(X;W))
EQ (e_ Iy rsdssz(x;im))

T
4 2pf0 Vs, T S

depend on the local volatility.

Here is the algorithm in practice:
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Input: An initial local volatility surface, a number of maximum number of iterations N the current
number of iterations n, an error €
Output: Hybrid local volatility surface

1. Initialisation :

e Set gg to be the initial local volatility considered
e n=0
2. Iteration n
While n<N and norm(o,+1 — o) > € :
® Op = On+1,
® o1 = F(oy)

3. Refresh : n—n-+1

Once again, we catch only the adjustment between the hybrid local volatility surface and the
deterministic Dupire’s local volatility surface that is due to the rates’s stochasticity and the skew
parameters of the hybrid local volatility surface.

As we have no idea of the structure of the differential operator F (Lipschitz,contraction,...),
the aim is to

e Start with a not bad hybrid local volatility

e Correct it in 2 or 3 iterations maximum

FINASTRA - Quantitative research 23 Othmane ZARHALI



Chapter 4

Numerical deployment

4.1 Validation of the Monte Carlo Pricer

As the global method consists of using a Monte Carlo estimator, the first step is to validate the
numerical implementation of the Fuler scheme of the Model, in terms of:

e Number of time step points
e Number of simulations
e Stability of the scheme

As we saw before, european calls and puts are priced with Black and Scholes closed formulas is the
case of flat local volatility surface and Gaussian interest rate.

This is the perfect way to test the Monte Carlo call price with respect to the closed formula price in
this context for different model scenarios.

The parameters that we vary in each numerical scenario in the following tests are :

e The hybrid local volatility function

— Case 1: Time dependent function (flat hybrid local volatility)

— Case 2: A constant surface
e The model parameters

— Case 1: Low volatility rate (= 0.001%)
— Case 2: Medium volatility rate (= 10%)
— Case 3: High volatility rate (=~ 30%)

The aims of these first numerical tests are to validate the Monte Carlo Euler discretisation scheme
as well as visualizing numerically the effect of stochastic interest rates on the hybrid model implied
volatility surface.

4.1.1 Non flat hybrid local volatility

We fixed a time dependent hybrid local volatility and changed the model parameters in order to see
the effect of the rates’ stochasticity in the model implied smile.

In all the following graphs, we have:
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1. On the top left:

e The Monte Carlo call price
e The closed formula call price
e The inf bound of the Monte Carlo’s confidence interval

e The sup bound of the Monte Carlo’s confidence interval

In the graphs with log-asset discretisation we add the arbitrage call bounds in order to be sure
that the model is arbitrage free.

2. On the down left:

e The error between the Monte Carlo call price and closed formula call price
e The error between the inf bound and closed formula call price

e The error between sup bound and closed formula call price
3. On the top right: The model theoretical implied volatility smile given by Monte Carlo call prices

4. On the down right: The model theoretical implied volatility smile given by closed formula call
prices

Test 1: high volatility rate

Pricing call validation for the maturity 670 Implied volatility for the maturity 1.8356164383561644

=4
w
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—— MC price

800 — Closed formula price
— IC_inf_bound

—— IC_sup_bound
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Figure 4.1: Asset discretisation with high volatility rate
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400 -

arbit upbound
arbit downbound
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Figure 4.2: log-asset discretisation with high volatility rate

Thus, we see that:
e Both the Monte Carlo call price and the closed formula call price are arbitrage free.

e Visually we see that the confidence interval’s width is acceptable even without performing the

Richardson Romberg extrapolation. Of course 2RR enhances the estimation quality by a lower
width.

e The smile is reproduced by the Monte Carlo price. Here we can notice that the smile is noisy
with the effect of the volatility rates So we see clearly the impact of the rates’ stochasticity on
the model.

e Because of the noise, the smile calibration in an hybrid local volatility model is not perfect and
the imperfection increases with the stochasticity effect of rates, in other words, with the volatility
parameter of the rates model.
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Test 2: low volatility rate

Pricing call validation for the maturity 670
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Pricing call validation for the maturity 670
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Figure 4.4: log-asset discretisation with low volatility rate

Thus, we see that:

e Both the Monte Carlo call price and the closed formula call price are still arbitrage free.

e Visually we see that the confidence interval’s width is acceptable.

e The smile is perfectly reproduced by the Monte Carlo price. Here we can notice that the smile is
not anymore noisy because the volatility rate was vanished and we are exactly in one of the cases
of 2.1 : r constant (or deterministic time dependent) and o deterministic time dependent.

But personally speaking, the effect of the additive noise that is done through the volatility

rates is much more remarkable in the case of a constant equity volatility surface.
is what will be tackled deeply in the next section.

4.1.2 Constant hybrid local volatility surface

That

Now, the idea is to be sure that the Black & Scholes model is really encompassed in the hybrid one.
Which means to consider a constant local volatility surface and a low volatility rate and to see if the

Smile returned will be flat or not. Indeed, it is.
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Thus, we see that:

e Both the Monte Carlo call price and the closed formula call price are still arbitrage free.

e Visually we see that the confidence interval’s width is acceptable, this time we considered just
100 Monte Carlo simulation numbers and a medium volatility rate level.

e We obtained what was expected, the volatility smile is flat with a higher noise in medium volatility
rate level.

e For small strikes, the implied volatility in both cases explodes because in the hybrid local volatility
formula the denominator is proportional to K2 but for reasonable strikes, the implied volatility
remains equal in that case to the constant hybrid local volatility.

e For medium volatility rates, we see that the rates’ stochasticity is nothing but a noise, which
confirms our initial guess and this noise appears in the smile which is greater in the second graph
(figure 4.6) than in the first (figure 4.5).

e For high volatility rates, we see the impact of the noise on the equity smile. The noise is consid-
erable as we go far from the money. Around the money, we obtain the expected implied volatility
value but the noise is still there with a lower amplitude.

e Here the smile changes because of the adjustment parameters and the deterministic local vol is
related to the implied vol by Dupire formula so we see the adjustment effect from theses graphs.

All in all, we conclude numerically that:
e The volatility rate is in fact a key parameter in the flat local volatility adjustment.

e But also the equity-rate correlation factor has its contribution
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4.2 The Monte Carlo local volatility calibration approach in the case
of non flat hybrid local volatility surface

As stated before, the hybrid term is approximated by:

M )
—[Trod 1 ) —6 N )
EQ (TTe for 51,5‘;““'>K) ~ i E <r¥)e 2 k=17, 1S<Ti)>K (4.1)
=1

Using the Euler scheme:

Sgimi = S5 (14 14, 8) + Sgimio(ty, S5 )V/EG

trp4+1

Ttipr = Tt b(tk, Ttk:)(s + 7 (tx, Ttk)\/g (PG + mé)

In fact, as the hybrid local volatility is the parameter that we want to calibrate, we have to think about
the diffusion parameter that we have to put in the scheme.

As the calibration of the hybrid local volatility is meant to reflect the market, it’s wiser to put in the
scheme the implied volatility.

(4.2)

4.2.1 Calibration algorithm

Input: Model parameters, Equity smile, Monte Carlo parameters
Output: Hybrid local volatility surface

1. Perform interpolation of the Smile by strike and maturity
2. Estimate all the partial derivatives by finite differences

3. Perform the Monte Carlo computation of the hybrid term
4. Agregate all the terms

5. Perform grid interpolation

6. Return the hybrid local volatility surface

Smile interpolation

We consider as an input an equity smile with discrete strikes and maturities. Thus, in order to
perform the computation of the strike and maturity partial derivatives we have to interpolate in strike
and maturity the equity smile so as to obtain consistant partial derivatives.

Several interpolation approaches were tested.

In this section, we denote T and K the set of all maturities and strikes available in the equity
smile.

- Linear interpolation
The linear interpolation was performed for each strike to interpolate in maturity. That is to say :

VT € T,6(T,.) = >  L(T,.)o(T..) (4.3)
KeK

Where L in the Lagrange interpolation polynomial function.
The ideas that were tested were to interpolate per strike and maturity the total variance T — To?(T), .)
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and K — Ko?(.,K) instead of the implied volatility as we expect that the variance is smooth
enough.

- L? interpolation

From a smoothness point of view, we experienced Hermite polynomial interpolation rather than just a
simple linear interpolation as the functional interpolated won’t be C? in the points of the interpolation.
We recall the definition of Hermite polynomial functions:

22 d"e 2
Hy(x) =(-1)"ez 4.4
() = (-1)es S (1)
Thus, the interpolated volatility function is:
N
VT € T,6(T,.) = anHy() (4.5)
n=1

Where (an)ne{l,... ~y are determined by least square minimisation.

- Stineman interpolation

It is a monotone convex interpolation scheme.

Given a set of points (z;,¥;)icr, we interpolate iteratively between each (z;,y;) and (x;y1,¥it1)
following the local monotocicity and convexity of the function.

We denote:
e The line segment with equation:
yo = yj + 55 (z —25) (4.6)
e The local slope of the curve:
Yi+1 Y5
§; = H—== 4.7
’ Lj+1 — Tj (47)
e The vertical distance Ay;:
Ayj =y;j +y; (v — ;) — o (4.8)
e The vertical distance Ay;y1:
Ayji1 = Yj+1 + Y1 (T — Tj41) — Yo (4.9)

The interpolation is performed using the following method:

o If ijijJrl > 0:

Ay;Ayji
ij + ij+1 ( )
o If Ay;Ay;11 < 0: There must be an inflection point between x; and x;41 and :

¥ = 10 4 ijij+1 (2$ — I’j — .%'j+1)
(Ayj — Ayji1) (Tj41 — 75)

(4.11)

All the previous interpolation methods are given as a choice in the code.
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Partial derivative computation

The computation of the partial derivatives is made by following theses steps:
1. Perform an interpolation per strikes and maturities of the equity smile

2. Starting from the equity smile we compute the related call Market prices by:
Cnkt (Ta K) = CBS(Ta K, Uimpl(T7 K)) (412)
3. In order to compute the partial maturity derivative we use the interpolation per strikes and set
the following centred scheme:

CBS(T + 0T, K, é-impl(T‘ + 0T, K)) - CBS(T — T, K, a-impl(T’ — 0T, K))
20T

orC(T,K) ~ (4.13)

And by interpolating for each maturity:

Cps(T, K + 0K, Gimp(T, K + 0K)) + Cps(T, K — 6K, 6imp (T, K — 0K))
OK?

OxkxC(T,K) =

—2CBS(T, K7 &impl(T> K))
0K?

(4.14)

Grid interpolation

After computing all the terms of (3.25), we perform a grid interpolation as the output of (3.25)
computation is for the same discrete strikes and maturities of the input equity smile. And we get the
hybrid local volatility surface.

4.2.2 Numerical results

We consider the following context:

e Gaussian rates (Hull & White model)

e The same volatility rate scenarios
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High volatility rates

Local volatility surface - linear interpolation
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Figure 4.8: Hybrid local volatility surface with non flat equity smile and high rate vol

Once again, we notice the noise produced by the rates’s stochasticity.

Indeed, a single hybrid local volatility surface is meaningless without being sure to reproduce
classical local volatility features. For that reason, we consider the case of low volatility rates level in
order to collapse the adjutment term’s stochasticity and see if we can reproduce a flat equity smile.

Local volatility surface - linear interpolation
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Figure 4.9: Hybrid local volatility surface with flat equity smile and low rate vol
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Thus, the hybrid local volatility is as expected. For small maturities and strikes some boundary effects
from the grid interpolation method (here linear) can appear but we obtain for reasonable maturities
and strikes that the hybrid local volatility is exactly the equity flat smile (valued 0.3 for all strikes

and maturities).

This is also reproduced by the Dupire’s coding engine (coded separatly as a local volatility

benchmark):

Local volatility surface - linear interpolation
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Figure 4.10: Dupire’s local volatility surface with flat equity smile

Thus, the hybrid local volatility surface represents really what is expected:

e A sensitivity to the volatility rate
e A sensitivity to the equity-rate correlation

But still the quantification of the rate’s stochasticity is not controlled. Which is the main strength of
the hybrid local volatility expansion.

Before tackeling the "PDE expansion" part, we must test it with a given arbitrage-free local
hybrid local volatility surface, which will be the object of the next section

4.3 Local volatility surface construction

A good local volatility surface is a volatility surface whose properties are close to an arbitrage-free

implied volatility surface.
Globally, we expect from a good local volatility surface to be:
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1. Polynomial in log-moneyness in wings, ie:

T, x)*T?
lim sup olf,z) 17 < 00 (4.15)
x

T—00

2. To have a mean reverting ATM term:

c
o(T,x) T8 (4.16)

Where ¢ and § are respectively constants in R.

Actually the most important property to conserve is the first one.

In order to have a meaningful verification of the "PDE expansion", we opted for random local
volatility generators.
4.3.1 Othmane ZARHALI’s random local volatility generator

The approach I adopted is the same approach explained in (4.9) and (4.10). The local volatility
decomposition is the following:

2 2
o(Ta) = oarn(Tn) + (G (£) )4 1)+ fibe(Gae ™ () 1)
oarm (T, x) = G3% + std(2) * Tg424 + T%‘.Es (4.17)
z = log (KDS((?,T))

Where:
o (Gi)c {1,2,3,4} are independent uniform random variables.

e std is a standard deviation decreasing function:

std(n) = e 0-6n° (4.18)
e D(0,T) is the discount factor between 0 and 7.

4.3.2 Arnaud RIVOIRA’s random local volatility generator

The approach here is a little bit different, the aim is to have a local volatility surface quasi-linear in
the wings and as smooth as possible. It’s a kind of normalised exponential random function:

o(T,z) = e " @T) (4.19)
Where:
e H is a random bivariate polynomial function.
e )\ is a normalisation factor to ensure that the random volatility surface is bounded in [0, 1].
e 1) is a mean reverting coefficient.

Both random local volatility surface generators where tested in the next section.
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4.4 "PDE expansion"

We recall the main formulas:
oX(T,z) = 02,(T,x) — 6%(T,z) — 2po (T, z)T'r — T4 (4.20)

52(T, ) ~ 2p*y72 (1 - (1 + f) ef) A(z,T) + ®(x,T)] (4.21)

It appears from the formulation that the hybrid local volatility skew dependence and the rate model
dependence are quiet separated.
There is also a number of relevant remarks:

e The formula allows to control the hybrid local volatility calibration by the adjustment of the
rate’s parameters and the skew terms

e The previous formula is symmetric: given the deterministic local volatility we can determine the
hybrid local volatility and vice-verca.

4.4.1 "PDE expansion" - term analysis

e Actually, 02 (T, ) is non compressible.

e The term F2T looks as follows for a volatility rate 1%:

Gamma square term

0.010
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0.006 A
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Gamma square
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0.000 A
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Maturities

Figure 4.11: Gamma square

Remark 3 There is an important point to highlight:

In the steady state, the F% term is proportional to (%)2 Thus, for a really high volatility rate (v ~ 30% )
and for usual mean reversion (a ~ 0.1), the term I’QT could be proportional to 4 in the steady state. As
a result, the correction term of the formula (4.10) could not be a correction term anymore.

The adjustment 2(T, ) term depends on the hybrid local volatility’s regularity:
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Adjustment surface - Medium maturities
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Figure 4.12: Adjustment term
For long maturities (~ 20 years):
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Figure 4.13: Adjustment term

4.4.2 Fixed point algorithm
Let’s find out if the classical stylized facts are reproduced by the method.

We consider the following scenarios:

e Scenario 1: Vanishing correlation and volatility rate vs flat hybrid local volatility

e Scenario 2: Vanishing correlation and volatility rate vs non flat hybrid local volatility
e Scenario 3: Non vanishing correlation and volatility rate vs flat hybrid local volatility
e Scenario 4: Non flat hybrid local volatility

Here are the respective expectations and the results:
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Scenarios Expectations Results
1 The same flat hybrid local volatility v’
2 A corrected flat hybrid local volatility v
3 A corrected hybrid local volatility v
4 A corrected non flat hybrid local volatility v’

Let’s present some numerical simulations.

Scenario 1:

Hybrid iterative local volatility - Short maturities - iteration 3
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Figure 4.14: Output hybrid local volatility
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Hwybrid iterative local volatility - Short maturities - iteration 3
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Figure 4.15: Output hybrid local volatility

As a result, we observe that:
e For a completely constant hybrid local volatility surface, the output of the expansion is exactly

the same. No correction was operated

e For a non flat initial hybrid local volatility, the correction of the deterministic local volatility was
operated thanks to the skewness of the hybrid local volatility over the iterations and to the rate’s
model parameters. We see that in the second figure, the output is a correction of the deterministic

(Dupire’s) local volatility.
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Conclusion

We can sum up all the relevant results of the intern in the following key points:

e The aim of the intern was to quantify the impact of the stochastic interest rates on the local
volatility

e The toy flat local volatility model was important to construct the initial guesses

e Some analogies have been found out between the flat and non flat local volatility (p, and
adjustment dependence,...)

e The Monte Carlo direct computation does not provide much insight on the effective impact of
the rate’s parameters. In terms of time computation, the latter is high as much as the equity
dimension is high (multiasset diffusions).

e The "PDE expansion" allows to correct iteratively the hybrid local volatility, but some regularity
assumptions on the hybrid local volatility and some empirical conditions on the stochastic interest
rate’s parameters are required.

All in all, this intern was an opportunity for me to sharpen my quantitative skills in stochastic analysis
and local volatility models as well as the underlying computing skills related to the IT aspects of the
intern.
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Malliavin calculus

In this part, we will present the main results concerning the Malliavin calculus and the integration by
parts formula.

A.1 Malliavin derivative

A.1.1 DMalliavin derivative for piecewise constant Wiener processes

Let (Q,.%,(%:),P) a filtred probability space where we define a classical Browian motion denoted
(Wy) and the %, is its canonical one.

We will define the Malliavin derivative for piecewise constant wiener processes and then extend
its definition to functionnals of continuous Wiener processes and to diffusions by density arguments.

We denote the dyadic subdivision ¢7 = 2% for k=1,..,n.

And also the brownian increment A} = thﬂ — Wi pour k=1,..,n.

Definition 1 We consider the following set of functionals :
Sp = {f(AG, ..., AL ), f € CP(R*")} (A.1)
The set of peacewise Wiener functionals is then U,~oS,

Definition 2 We consider the set of the following processes :

on 1
Py ={> pnun (()F;, F; € Sn} (A.2)
i=0

We denote the set of simple processes Up~qP,
We will now define the Malliavin derivative of simple processes

Definition 3 Given a functional F € S, we denote F = f(A"™).
The Malliavin derivative of F is defined by:

- on_1 ﬁ K \
DsF = Z ]l[t?’t?Jrl[(S)ax-( ) (A.3)
i=0 v
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Hence, the Malliavin derivative of Wy is : DsWi = 19 1((s).

We will then define the adjoint operator of Malliavin derivative called the Skorohod operator.

Definition 4 Given the following simple process u:

2" —1

u= Z n e, ((8) i A") (A4)

The Skorohod operator o : P, — S, is defined as :

2" —1 2" — laf
Z fi(A™MAT — Z 83:1 (An )2n (A.5)

Remark 4 We notice that if u is adapted, ie f; is F;_1 measurable, the second term with partial
derivatives will vanish and the Skorohod integral coincides with Ito integral
A.1.2 Extension of Malliavin derivatives to square integrable processes

We will extend the notion of Malliavin derivative and Skorohod integral to stochastic processes of
interest for us which are L? ones.
We have the following bridge result :

e Sis dense in L?
e P is dense in L%(]0,1])

Thus, the key missing element in order to perform the extension is a closing property on Malliavin and
Skorohod operators.
Indeed :

Property 1 The operators D et § are closed ones, ie: for a given sequence of simples processes F,
that tends to 0 in L* sense, if (DF,), tends to u in L?([0,1]) then u = 0.

The extension is performed in the following way :
Definition 5 Let DY? the set of the following processes :

1,2 2 L? L?

D™ ={FelL*3F,) €S : F, —— F,DF,, ———— u} (A.6)
noo noo

We assume then that DF = u, which defines the Malliavin derivative for square integrable processes.
The Skorohod integral is extended with the same idea.
A.2 DMalliavin derivative in the Wiener space

We denote respectively (.,.) and ||.|| the scalar product and its norm in L? and (.,.) the canonical
scalar product in R%. Let’s tackle the multidimensional case.

Definition 6 We define functionals of Wiener processes :

Where :
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o f in C'* valued in R™
e (hi,....;h,) in L? valued in R™
e 0(h;) Wiener integral associated to h; :

5(h) = / (ha(t), dW)) (A8)

For the functionaals (A.7), we define there Malliavin derivative.

Definition 7 The Malliavin derivative of F is :

D=3 gf (6(h1), s () (1) (A.9)

The Skorohod operator is the adjoint of Malliavin operator in a way that for any square integrable
process u :

E(Fé(u)) = E < / (uy, Dy F) dt) (A.10)

This is a key formula in stochastic analysis. It’s analoguous to the classical analytical integration by
parts for Riemann integrals.
We notice once again that if (ug); is F#-adapted then the Skorohod integral is an It6 one.

Remark 5 According to the simple processes Malliavin derivative, we said that for an Fi-adapted
simple process F, we have for all s>t, DsF = 0. This is conserved by density . Then, for all square
integrable processes Fy-adapted, DsF = 0.

We preesent some intuitive Malliavin derivation technics and the so called the Malliavin integration
by part formula.

Property 2 Let F et G be two Wiener functionals and h a square integrable function.
Indeed, we have the following properties in dimension 1 that can be generalised in a multidimensional
case :

e §(hF) = Fé(h) — [ h(s)DsFds
e Di(FG) = FDiG)+ GD(F)
We have also these commutation formulas that are useful in practice :

o D, (foT udeS) = wi + [ Dy (ug) AWy for all T>0

e Dy <f0T Usds) = ftT Dy (ug) ds for all T>0

e Compound derivatives:

D; (¢(F)) = ¢/(F)Ds (F)

It’s easy to verify them in the case of simple processes.
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A.3 Malliavin derivative for diffusions

Definition 8 Let X7 an unidimensional diffusion starting from x, as a string solution of the following
SDE :

dXy =0b(t, X[)dt + o(t, X])dW; (A.11)
Where b and o are C*2.
We define the tangent process associated to X* denoted Y by :

X

Y, —
t ox

(A.12)

Remark 6 We notice that the tangent process is a strong solution of the SDE :

dYt:Yt<§b(t Xt)dt+a

(b X7 )th) (A.13)

Here is the interesting result that we will prove using the previous arguments :

Proposition 1 For a given diffusion X its Malliavin derivative is :

Vs > 0,Ds Xy = VY, o (5, X7) 1<y (A.14)
Proof 1 Starting from the dynamic of X*:
Xp =+ [ b(u, X2)du+ [ o(u, XZ)dW,

We apply the Malliavin operator to this expression. By wusing the commutation properties, we
obtain :

DX} = [T Db(u, XZ)du + [! Dyo(u, XZ)dW, + o(s, XZ)
And using the compound derivation leads to :

DX} = [T D X2 (u, XZ)du + [L Ds X292 (u, X2)dW,, + o (s, X7)

u Ox

Thus, (DsX['), satisfies the same tangent process’s SDE with different initial points so we can
assume that :

D XP = Y1,

and by identification, we get A = Y, Lo (s, X¥)

Remark 7 We can conclude this appendix by some useful remarks:

e For anticipative diffusions we still conserve the property :
DX} =0 if s greater than t.

e (A.14) assumes that if we have a closed formula of the process X* and its tangent process, then
its associated Malliavin derivative has also a closed formula. Otherwise, its Malliavin derivative

will satisfy the SDE (A.13).
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Fokker-Planck PDE

The aim of this appendix is to give a short overview of Fokker Planck PDE and its link with diffusion
processes.
We consider the following diffusion process:

{ dX750 = b(t, X70)dt + o (t, X0)dW, B.1)

X =X, eR”
Where both b and o are Lipschitz continuous and Xy a random variable valued in R™. The Fokker-

Planck PDE is a PDE satisfied by the conditional density of X} denoted: f : (z,t) — P(z,t|zo,t0).
in our case tg = 0.

Property 3 Fokker-Planck PDE is:

{ 8tf(t7 1‘) = - Z?:l aﬂ% (bi(tv x)f(tv .CU)) + % Z?:l Z?:l 8J3i,ﬂij (ai,j(t7 m)f(t7 1‘))

£0.2) = fol0) (B2)

Where:

o a;j(t,x) =>4, (0ikokj) (t,2)

dP T
« Sy = fola)

This PDE can be solved using finite differences for example.
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Dupire’s local volatility surface

The goal of this appendix is to justify theoretically the numerical simulations of (4.1.1) by demonstrat-
ing the link between Dupire’s local volatility with deterministic rates and the equity’s smile (implied
volatility).

C.1 Dupire’s formula for deterministic interest rates

We recall the hybrid local volatility models with stochastic rates:

KEQ (TTe_ fOT rsdsls;ini>K)

2 _ 2
o (T7 K) - Udet(T7 K) - %KQ aZg%K) (Cl)
Where: 0,C(T. K)
2 _ G )
Udet(Ta K) - %KQ ang;’K) (CQ)

In the case of deterministic time dependent rates, rr goes out of the expectation and we have the
Dupire’s local volatility for time dependent rates:

KrrgC(T, K)

2 _ 2
o“(T,K) =05.,(T,K)+ 1 12 0T (C.3)
2 K2
Hhos 0rC(T, K) + KrpdxC(T, K)
2 _or ) + Krpik )
o (T7 K) - lKQ QQC(T,K) <C4)
2 OK?
We introduce the implied volatility by its basic definition:
C(T,K) =Cps(T, K, 0imp(T, K)) (C.5)

And we obtain by direct computations the following property.

C.2 Local volatility in terms of implied volatility

Property 4 The local variance v : (T, K) — o*(T, K) is expressed in function of the total implied
variance w : (T, K) — To? (T, K) by:

imp
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8Tw

1+ g@Kw + %8}{[{’11) + i (—% — % + %) (6[{10)2

o(T,K) = (T, K) (C.6)

Thus, in the hybrid local volatility surface, controlling the hybrid local volatility function and fixing
the model parameters allowed to see directly its impact on the equity smile’s deformation.

C.3 Particular test case

From the previous formula, we have:

2
Oimp + 2TO'z'mpaTO'imp

1+ gaKw + %8KKw + i (—% — % + %) ((9[(1!))2

(T, K) = (T, K) (C.7)

If we consider a flat equity smile (a constant implied volatility for all strikes and maturities), we notice
that the local variance coincides with the implied variance. That must be verified numerically (see
Figure page 30 and 31).
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Appendix D

Hybrid local volatility expansion: The
risk neutral proof

D.1 Objective

The aim of this appendix is to demonstrate the dynamics of the hybrid equity-rate local volatility in
the case of an equity and stochastic interest rates model. The dynamic is actually a PDE dynamical
system that we will demonstrate. The proof was entirely performed by myself from scratch.

D.2 Local volatility expression in the case of stochastic interest rates

D.2.1 Preliminaries

It’s well known that if we take into account the rates’s stochasticity, the local volatility is :

drC(T, K) — KEQ (rTe’ o e o K)

AT, K) = : (D.1)
LEQ (e 0 oo (850
The proof is a pure application of the It6-Tanaka formula on the actualised call payoff.
As we consider risk neutral gaussian interest rates :
t
T = it +/ s 1dBY (D.2)
0

There is an interesting formula between the rates’s parameters and the zero coupon bond which will
lead to an expression of the hybrid local volatility as a shift of a Dupire’s one.

We have by the simple definition of the forward spot rate :
f(ovt) = —0n (B(0>t)) (DB)

According to (2), the interest rates have risk neutral Gaussian dynamics, so for all t>0, we have :

B(0,t) = e~ Jo pedst3 JyT2 s
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Where : T's; = fst Vs ud.

By direct computations, we obtain :
1/ [t 2
f(O,t) = Ut — 5 (/ 787td3) (D4)
0
In particular for each fixed maturity T :

2

fO0,T) = pr — % (/OT ’Ys,Tds> (D.5)

D.2.2 Hybrid local volatility formula

Thus, the expression (1) becomes:

T T
OrC(T, K) = KpurB® (e h 701 gy ) - KE2 (| vordBE| e b 71 gris )

2
o“(T,K) = = — = —
LKZES (e i g (s3m)) LIRS (e i g (s3m))

(D.6)
By using (5), we obtain :

2T K) orC(T, K) — K f(0,T)E® (6_ Jo Tsdsls;mi>K) KE® ([foT ’Ys,TdB;Q] e rsdsls;’i"i>K)
o (T, = — _

LICZRQ (o= 7 7oy (550 SIZEQ (o 7 7oty (5500

‘ ?E (e_ u rsdslssi"i>K>
o] S

o KB (o B 3 5m)
(D.7)

We have the following decomposition:

EQ ([f(]T 'stTdB;‘Q} e~ foT Tsdslssmi>K) T 2 EQ (e, fOT TSdSlssz‘m'>K)
(T, K) = 03,(T, K)— oK) [ / Mds] v
0

LKEQ (e— I rsds(sK(s;mi)) KEQ (e— i e g ( S;mi))
(D.8)
Where aﬁet is the Dupire’s local volatility with time dependent interest rates the forward spot rate
t — f(0,1) :
—(Ty.d
OrC(T, K) = K f(0,T)E® (e 0 701 oy )

O—get(T> K) = (Dg)

LK2ED (el medge(55m))

P.S : The value of f(0,t) for each maturity t depend only on the zero coupon bond quotes.

As a result, U?let can be perfectly computed as a standard Dupire’s local volatil-
ity.

The main difficulty is the hybrid term.

2 EQ(('[OTTSdSISZ}i"%K)

: can be calibrated to call
KB (e o radogye(s5ini))

Furthermore, the following term: [fOT ’ys,Tds}
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prices as such :

- T'f’s S
[/T,y dS]Z EQ (e Jo 7sd 15%mi>K> B [FT]Q <—8KC’(T, K)) (D.10)
0 T KEQ (67 fOT Tsds(sK(S;jni)> K 6}([(0(]"7 K) ’

Where:

T
o I'r = fo VU,Tdu

D.2.3 Hybrid local volatility decomposition

The stochastic integral f(f ’ysjtdB;Q is actually a skorohod integral, so we can apply the Malliavin
integration by part formula on the hybrid term, we obtain :

B (hfoT YordB3| e r“duls;i"@K) = <_foT Yo, D (67 d ruduls?”bk) dSD

By applying Malliavin calculus rules, we get :

E (:fOT ,YS’TdB;Q: e TUdulsii"i>K) = E° 1S§"”’>K> - 1SS””>KDB (fo Tud“)) SD
1X;¢m>w) 1séml>Kf DB (r, du) dSD
DE (X5) 62(X57) — Lgsin e [ vs,udu) ds|)
B ) )
© (g ore i DB (X5 6,(X5im ) ds ) -

— T
EQ (6 fo T“tduls;mi>K fO ’)/57TF57Td8)

I
=
©

/N TN /N /N
T 1T 1T 1T 1

EQ

= EQ

Where:
o Xjini = Ip <w>

Sini
T
L4 Ft,T = ft ’Yt,udu

In the following, we will use either X, or Xj.
We denote :
EQ (f()T s e I3 rudu B (X;zm )5Z(X;f"i)ds>

e term 1 =2 .
K]E@<e* 15 Tudu(sK(S;ini))

EQ( —JT ruduq s3ini s K fO vs,1l's Tds)

KE?(e” Jo rudugy (s S

e term 2 — 2
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The term 1

Lemma 1 The Malliavin derivative : DB (X%””) can be computed by a closed formula:
T
DtB (X;mz) — Ft,T + pU(T, XT) + / deu (Dll)
t
Where :
dey = (dAW2 — o(u, Xy)du) DF (o(u, Xy,)) — pdo(u, Xy,)

Proof 2 By direct computation :

Xyt =3 (o (T2, = 0%(s, X,)) ds) + [y (o(s, Xo)dWE + T,1dBE)
Where WQ is the risk neutral equity brownian motion.

By applying the Mallavin operator and malliavin operations :

DB (X3) = Tyr — [ o(u, X,)DP (0(u, X)) du + p [ DE (o(u, X,)) dBS + po(t, X)

Thus:

DP (X5) = Ty + po(T, X1) + [ de,,

We denote : .
T EQ (e_ Jo ruduéx(X;ini) fST d€u>
&Q(T) K) = 2/ Ys,T T ds (D12)
0 KEQ (e* I T“d“(SK(S;i""))
Thus, we have :
EQ( 1T . *fOT rydu Lo p4po(T,X7)) 62 xSiniyg
terml:&Q(T7K)_|_2 (fo“{,Te g T+po( T)) (X7 )s)
EQ(eff() ’I‘udu(SK(S;'an))
EQ o 7_f(’)T rydu T+ X 6n Xsini
:&2(T, K)+2f0T ('Y Te (T T+po( T)) (X7 )) s
EQ (67 fo Tududm(X;znz ))
EQ —foTTudU( (T,X7))8 (X3
=62(T,K) +2p fOT Vs, T (e o(T,Xr T >ds 4 2fOT Vs,rL's,rds

(e By 0]

B2 (e 10 ruts (o7, X )3, (X507
EQ (67 fOT rudu(sK (X;znz ))

Thus, the term 2p fOT Vs,T ds is analoguous to an amnesic term that can

be written : .
EQ (67 Jo rudu (O’(T,XT))JZ (X;mz)>

EQ <e* I dug (X;ini ))

20 fy Yo ds = 2po(T,x)I'r
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As a result :

T
term 1 = 6%(T, K) + 2po (T, z)T'r + 2/ Vs,rl's rds (D.13)
0

The term 2

This term is actually easier than the previous.
We have :

— [T T
]EQ(e Jo T"dulsgjm>K I5 'ySYTFsdes)

term 2 — 2
K]E@<e—foT'“ud“5K(S;im))

Q=S rsdsy .
_ 2f0T 'Y.s,TFs,TdS]E (6 0 's 15;}’“>K)
K EQ (eI redegye(s3int))

As a result, the numerator and denominator can be identified directly with call derivatives with
respect to the strike :

(D.14)

T
2 s1lsd —
torm 2 — fo vs,rLs 7ds < aKC'(T,K)>

K Ok C(T, K)

D.2.4 Hybrid local volatility formula

By assembling all the previous terms together, we get :

2 [T gy rds < 0k C(T, K) )
K Ok C(T,K)
, OxC(T,K)
TKogrC(T, K)
(D.15)

T
o*(T,K) = 02,(T,K) — 6*(T,K) — 2po (T, z)I'p — 2 / Yorls rds —
0

There is an additional property of the Hull & White model (Hull-White model time-homogeneity):

Lemma 2 We claim that : -
2 / Ysrlsrds =T (D.16)
0

Proof 3 The proof is obtained by direct computations.

As a result, we obtain a significant simplification :

T
02(T7 K) = Uc%et(T7 K) —5° (Ta K) - 2pU(T’ x)FT - 2/ ’YS,TFS,TdS (D17)
0
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D.3 Fixed point formulation - ¢

In order to obtain the fixed point complete formulation, we must express (T, K) as a function of the
hybrid local volatility.
We have by definition :

) T T T
(T, K) = - / v 7EY (e_ Jo msds g, (X 3ini) / deu> dt (D.18)
KEQ (6_ Io rsdng(SSim)) 0 t

With, de, = (dW2 — o(u, Xy)du) DP (0(u, X,)) — pdo(u, X,)

By pushing ¢ close to maturity, we can assume that :

T T
. T d
/ v, 7E® <e_ foTrsds5m(X%nz)/ deu> dt = —py7? <1 — <1 + ) e_€> EQ ( -l reds g (X5 6T>
0 ’ t T dT
(D.19)
Where % is the total classical derivative operator.

The Malliavin derivative on the first term of de is computed by a closed formula when t is
close to T:

DE (X5") = po(T, Xr)

So we apply the Ité formula on (o(T, X7))7

do (T, X7) = 990X0) gy 90X) gy, 1920 X) gy

Ox2

We can express the risk neutral dynamic of X; as such :

T T
1
dXr = <f(O,T) + (/ 'yS,TdB9> +/ Ys,rLl's,7ds — 20’_%((XT,T)> dTl' + Ux(XT,T)dWQ (D.QO)
0 0

We inject the previous expression, we get :

do (T, X) = 22GXD 474 220X ((1(0,7) + (f 70rdBE) + J vuaTords — 303 (Xr, T)) dT + o (X, T)d
1 8 O'(T XT)d< >
2 Oz2 T

On the other hand, according to (17), we have by definition :
X)p = fo o(t, X;)?dt ( Keep in mind that t is close to T )
By direct differentiation, we have :

d(;ZET — 0.2()(717 T)
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We inject the quadratic variation and we get :

0o (T, X 0o (T, X T T 1
da(T,XT):MdT—i—M £(0,T) + / verdBY ) + / verTsrds — =0%(Xp,T) | dT+
8T 81‘ 0 0 2
do(T, X1) . o 10%(T,X1) ,
aX(XT,T)TdWT 5 O (T, X7)dT

(D.21)

We aggregate all the terms to have :

T
der = (dW;@ —o(T, XT)dT) DE_ (o(T, X7)) — p [a"(g’TXT)dT + aa(g’xXT) ( £0,7) + < /0 fys,TdB;Q> +

80’(T, XT)
ox

19%0(T, X7)

dWé@ + 2 02

(T, X7)dT
(D.22)

T
1
/ Yo rTsrds — 503(()@, T)dT + ox (X7, T)
0

Which means that :

6U(T7XT)+8U(T>XT> +02(T,XT) 820(T7XT>+8U(T7XT)
Ox orT 2 Ox? ox

0o(T, X T T
_p(aT) << / 757TdB;@) n / fys,Trs,Tds>
x 0 0

We obtain again the approximation of (7T, K) via the formula :

(D.23)

KR (e i reoge(55) )
2py72 (1 - (1+ %) 67%>

2 2 T
o*(T,x) (8 o(T,x) N 8U(T,a:)> L+ EQ (ei I Tsdsém(X;i”i)) / 'ys,TI‘S,TdsaJ(XT’T) N
0

Jo(T,Xr) 0o(T,x)
Ox * or *

(T, K) ~ E@ (e* Jo rsdsax(x;fm)) p H £(0,7)

? O Oz X
T Er {62(X7) T’Ys, dBY
B (o reteg, (xcpn) 22000 o {30X) Iy 2s1B8] )
O ET{(S:E(XT)}
(D.24)

Actually, we can neglect the effect of the term: fOT vs,71's 7ds using the amnesic approximation.

We have the following lemma :
Lemma 3 The relation between d,(X7™) and éx (S7™) is proportional :

rc(S3) = Ko, (X3m) (D.25)
Proof 4 The proof is obtained by applying the chain rule derivation.

Thus, we obtain :

52(T, K) ~ 2p*y7> <1 - <1 + ::) e—f) [A(z,T) + ®(x,T)] (D.26)
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Where :
ox =0 (D.27)
2 Oo x (z,T) 920 x (x,T)
ox (@, T) | =g + a2 dox(z, T 90 (T, X
Ale,T) = > 0 ] + ngf’ ) 4 f(o,T)U(a’xT) (D.28)
and
Er 4 04(X7) | i} ~srd BY
(s, 1) = 20X &1 A1) [Jo 2074 (D.29)
’ ox Er {0,(X7)} '
Thus, using the scale (T,x), we summarise all the key formulas.
D.4 Summary
o*(x,T) = 02,,(T,z) — (T, x) — 2po (2, T)T'p — T4 (D.30)
Q —fT rsds
) OrC(T, K) — K £(0,T)E <e o rsds] S;mi%)
Jdet(Tv K) = 1 *fT 4 . (D.31)
S ),
~2 2 r Q —fTr ds Sini T
o (T,z) = = Y, r B (e Jo T (X ) de, | dt (D.32)
KEQ (e_ Jo 7”Sds(SK(LS’;””')) 0 t
~2 2 2 T\ _z
o°(T,x) =~ 2p“~T (1 — <1 + ) e T> A(z,T) + ®(z,T)] (D.33)
T
Where :
o*(x,T) [608(:;?) + 62;—&?21)} do(z,T) 0o (z,T)
and
T
(2, T) = do(z,T) Er {5I(XT) [fo 'Vs,Tdst@} } (D35)
’ ox ET {(Sm (XT)} .
o2(x,T) = 6%(T, x) 4+ 2po(x, T)I'r (D.36)
T
cte.1) 2 B {a(xr) | [ urang]} (D.37)
0
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T 85I(XT)}
- By 2\
/0 s T{ 9dBY

T OXr
— [ erEr {x }
/0 T T{ ( T)adB;@

0Xr
~ TrEr { 0,(X
o0 |

~ FTPET {5;(XT)O'(XT, T)}

Br {8.(Xr)o(Xr,T)} = [ )l T)px(0. Ty

_ /y . 5x(y)§y (o(y. T)px(y,T)) dy

Opx (x,T) do(x,T)
=— (anXa(x,t) + aXpX(x?t)>

with px(z,t) = E7 {62(X7)} And finally:

(2, T) ~ _pFTaa(x,T) (80(x,T) N

0 ln(pX (.%', T))
o a(w,T))

D.
ox ox (D-38)
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D.5 Fixed point algorithm

We recall the same fixed point algorithm as in the section (3.4.4), as the results are exactly the same.
Indeed, the algorithm is:

02,1 =F(o,),neN (D.39)
Where F is the following differential operator:

T v B9 (e (o(T, X)) 0,(X5) )
F(o) = Uget(T7 K) - 52<Ta K) - 2/ Ys,r L't 7dt — 2P/ Vs, T = — ds
0 0 EQ (e I redsg, (xge) )
(D.40)

each of the terms :
o 72(T,K)

B (e 8 e o (1, X)), (X517
EQ (e* f()T Tst(SI(X;i”i ))

T
b 2pf0 Vs, T S

depend on the local volatility.

Here is the algorithm in practice :

Input: An initial local volatility surface, a number of maximum number of iterations N,the current
number of iterations n, an error €
Output: Hybrid local volatility surface

1. Initialisation :

e Set gg to be the initial local volatility considered
e n—=0
2. Iteration n

While n<N and norm(o,+1 — 0,) > € :

® O0p = Onitl,

® ony1 = F(oy)

3. Refresh : n—=n-+1
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